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s tri n N t [verb] result searcn) Search options
g me_m — Group the search results [?]

Next page

No. Chunks Frequency[?] Examples Parents[?] Children[?]
1 [verb] as a result of 1123 @ @ @

2 [noun][verb] as aresultof 271 @ @ @

3 [verb][adv prt]as aresultof 92 @ @ F)

4  [verb] [adv] as a result of 181 @ @ F)

5 [verb]as a result of the 344 E= ® @

2: StringNet Navigator : F# DR

Example sentences of "[verb] as a result of " are from British National Corpus

Next page
No. Sentences

1 Over the next twelve months we will be providing support to a growing number of new and
existing local programmes, identified as a result of an extensive survey we have just completed.

2 Along with the thousands of appeal letters sent as a result of Amnesty 's campaign, perhaps the
clearest direct pressure is being exerted by the Sri Lanka Aid Consortium, made up of donor
governments and multi-lateral institutions.

3 Statistically these deaths largely occur as a result of the inhalation of vomit and alcoholic
poisoning, and it therefore seems somewhat bizarre for the police to be in charge of those
suffering in such a way.

4 So perhaps my overkill misses the target: perhaps the behaviourist analysis of perception is sound,
even though a general behaviourism is not, and what BS lacks is not knowledge of the nature of
certain mental states, but only the ability to respond spontaneously to visual stimuli, that is, to
respond as a result of actually seeing them.

5 The functionalist view I advocate is that mental phenomena emerge as a result of the way that
the neurons etcetera are functionally organized in the brain, not as a result of the physical
properties of neurons per se.

3: StringNet Navigator : 7 )L — 7" “[verb| as a result of " I1ZJ&T % HH
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Fig.6 shows the result .
Fig.7 shows the result .
Fig.9 shows the result .
NE—2
ncmod

v result

This is quite a promising result .
‘We now have the following result .
Figure 3 shows the achieved results .
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2, EFREED Y — Ik > TSNP 2[R T 5 2 L8 TE 5,

K& 1] 13, MRz HAAL 2 EIC XD, EEEVPREL WA
ZRTHEEDTD 0 R WIGEIC, WY REE2EA THRTE 5 X ) ICHEL Tw
%, MUEFEFERETIE, OO THEEZANT 22 LICX D, MIBT 2 HHEE
DRI ODFIRI I, ZOHDRLHGEZERL IV vy 7T 5 LiERL
HEEIC K > CTH#IRE T s, B2, TIEL) 2ZAN0T5L, i LT
"% :bridge,. Mii:end(e.g. of street), edge, tip, margin, point, 4% : chopsticks
EWVIFERDBERIN, ZDOHFDS6 edge &£V HiFEZFEIRT 5 & edge &£\
HEEZ G A ABIN KWIC R X VRS s,

PG SR EReK* X, BIERNR % Web 2K edu F XA v, =2 —RA¥ A
MYl D B CHBIZRE TS5 2 LN TES, £/, KWICEKRSNKLT7 L —
ADHI% T, Mz 7V 7 7y MHIZY — 22 L8 TE S, FIRIE “we
show the result” &\ 7 Y Z ASJL CTedu FAA Y THREKRL, 7L — XD

‘http://erek.ta2o.net/



Fah PSR EReK

we show the result Lt

0All the Web @Only .edu domain 1 Only news sites

we show the result DffiHr L7 (FHI)

total 3340 pages
BRWLS BRWLS

.. all input arguments for functions). In Figure 3, we show the resvlt wsing direct-mapped reuse buffer. In Figure 4 w..
2c, we show the resvlt of user editing where the goal was to trim everyt..
with the function in Eq. S. In Fig. 3 we show the result of this interpolation. Once k is known, FC can ..

..he top- ranked candidate from the face ... Here, we show the resvlt of switching Elvis Presley and Richard Nixon..
Y except the main vessel, the aneuwrysm, ... 2f, we show the resuvlt of refinement, producing a smooth structure. Th..
1 we show the result of loading the file listed in (1). FIGURE 1. Init..
In this section, we show the resvlt of four different scenarios, i.e, spatial scale- ..
In the next few images we show the resvlt of computing the area inside the marked square...
21 Sep 2011 ... We show the result of automatically replacing the input faces (top) ..
Figure 1, we show the resvlt of a connected-component based text-line extracti..
..d, and then displayed with Show. &s an  example, we show the resvlt of 6 levels of iteration which produces 36= 729 ..
..convergence, it is better to incluvde this factor. We show the resvlt in Fig.7. This result shows that the proposed a..
.. we use a different collection of techrniques, and we show the resvlt holds even if the full components are revealed ..
this computation is done serially. We show the result as a comparison to the time it takes to compute..
Next we show the resuvlt after S5 iterations vsing bisection refinement to ..

BRWAD BARLD

X 5: EReK : KWIC #mp & Hiflod Y — b

AHTY—bT2L, K5D L) BFERPERINS,

WS [12] 12k % 7 L — KT AT & SCOPE? 1%, MR RMP AL TH
D, TRam  TBERIE ) Lo, X ORIE DT 2 E IR LTI Z2 ik
THIENTES, HlZIX, “weshow” £\ 7Y 2 AN LT HRETFIE
WaromETsE, 9. Ke6DXHic, AR 7 L —X T EIZERN IR
BTRRINSG, 22T, “wewil show <NP>":t W) 7L —=X%7 Vv 7T5
ELKTOXIHIZ, TOT7VL—RXEECRBIBRRINS,

Springer IZ X % exemplar®(d, $4 27 OY ¥ —F IV Z2RRENR E LTV T,
B E &S ITHR SN BREER T 72 EDIEHIC K > TR Z DAL 2 &8
AEETH 5, HIZIE. “weshow” & WIHI 7TV Z AL THEET S L, M8D XK
1T, “we show” &\ ) B Z ELHMZ T TH L, MBI NY v —F VO
IEPTEHDOERD bbb THRRNIND, COWMTZERL T2y 7§52 L
CED, BRAREZ DAL I ETE S,

TN S [13] 1d, RELAEICE T 28O L2 HiF L T, EEMFIOFR
Jiik%E TR L A aE g Z ER L T35, AR A % 7 2 —ATlE, &

Shttp://scope.itc.nagoya-u.ac.jp/
Shttp://www.springerexemplar.com/index.aspx
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we show (&%)
SCQDE o ﬁ:ﬁ O BYEfIE & RETF% gﬁlﬁ%& O &

| vve show ' DREHRES

ty M3

we can show that <CL> 18 16| 3| 401 [#REFE

we will show <NP> 16 16 3 3.84 | REFiHE

we will show how 16 14 3 3.84 | HRETFH:
Back

6: SCOPE : F#l o &4y

SCQD R B IR S MR § TR e Hh
| 'we will show <NP>'DEERI
| et et

HBUEEE (BB BX a7 ZHR
16 16 3| 384 | REFH

Wil

We will show that overgeneration can be controlled by additional constraints.

In this section, we will show the improvement

Instead, we will show examples 7 that our method could not handle properly.

‘We will show later that this seemingly trivial difference brings a significant improvement.

7: SCOPE : 7 L — X “we will show <NP>"% & &
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words in context | O @Springcr EM:Hrlysi’ £
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omedicol and Heoth

Snippet Search

Searching 5,772,823 documents. Search for: Iwe show I

Discover how a particular term or Search
hrase is used in scientific literature u
B Subject: | Tyee and seiect fom | OR Publication: | Tyee and sekct from §

Showing 1 to 25 of 147089 matching articles Results per page: (z5_1)
year published
1121314]5]>>>

to progression of breast and prostate cancer. We show  that galectin-3 regulated functions like

.. time points for molecular analysis. Results: W v that losartan prevents albumin-induced smad-2 .

lover i we
T 55 control over other brain regions. Recently

od that, students with strong executive control ..
...that employ multiple sensing modalitie w that the complexity of evaluating the target ..

. the presence of TGF-beta signaling blocke w that blacking TGF-beta signaling reduced .

subject (see all 1468)

Computer Science 36368 ... sub-graphs as well as penalization function:

Life Sciences. 18383

Mathematics 18242

Physic 16410 is available th nt. Wi ion not found in the
ysics ¢

Artificial Intelligence (incl. 14630

Robotics)

8: exemplar : “we show” Z &L P & & v —F )L DIFHR

NGB 2 A L CRBIZBER T2 2 ENTE LT Trl, X (5, 4
i, REEET EOSEX ) T —~ (RGO Z £ & & 7 W& [X57)
o MBIZIRET 5 2 EHEETH 5, HEDFEREHRDSABI~NT 7 2 A TE
B4 YH T 2= AW, T—F—DRDEF DIEEPLHFEMN 228 2 3 JF# 1
DRDBBLLEEZTVS,

il o [14] 12, MBIDFER L )L EEBRFDOFERL L2 L THRA ~ MY
FL. XA Y FOEGIHICHBZ A2 THRRT 2 2 L2k > T, MflzE
FOFEEL NNVICAEDOETERRTIFEEZRAL TS, £, BAFEEIR
YRR DRERE L LT OV Z ABIONEZ IR & L7284, 2OFEICKD
ELHBIZEOEZ SN0 8 ) I oW T O 27> T3, Hiz, vV —
WAERIZOWTOR S, EBINZ 7 v 7 — FHEICK DT R > Tw 3, /BT
BEHIIC & EE o TV B A, EERITY — L EHH L8 E I, Y — LV BHEE
WEHTH -7 LML T3,

3;@6 [15] 12 & % FAfIREsR Y — )V SOUP &, Heff X0 iEALER % K8 T %

DIz, AP E N 2EEDMEARTEMNE Z &Iz 0B L TR d 5, Hp
ﬁﬁ?%%\719%@%m@®ﬂﬁﬂiof\ﬁﬁﬁ&%%%tfﬁb\



DI ARG LA TR S, 70, 16 AOPERE 2 W RITHEXLT 7 A+ 5
7 FOEXZITH>TH 5, Y= VORI 2 77— F&EZIT>Tw»
%, TEEHGICE EFoT0328, V=L BEAFORGIRES A7 E0 b EH
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WA S [16] 13, ATI3CFHN & B A D FARUE 2 N-gram IZHE W TEHRL |
FREOE B Z AT 2 FEZ2A L Tw 5, BREORRIZ, %<
OB E F 2 HBBHEORWEROEEE L TP 2201, idf Vw5,
DR TR, BEFEITTICE T 22 5EMPRERILE > 2 7 A TackPad™ICE A
INTV5, ERICZOT AT LR LIc2—F—ou 7%2FH L T OME
FHEOHBE, B, FIEZ RO THiiziro7 & A, BEDOF—T7—FIC
L 2MBICHREHOCFEZG2 2 ERTE TS,

S [17] 13, “regard ~ as” D & ) BITHERIA T4 A L2 GBI 2R T 5
CEICERZDTTV S, FHEEATICHiZzET X ) MMl ZHET 2 7-01C, 1
XA ED 7 — FEDHREZ M 2 FE2REL T b, REFEOAIEZHERT
5270, REFHE, X=X 74 VFIE (DBEHERTIC O W TR Z L v Hiffi< v
F v 7T E | STEEEITO MRS E 3 £ TICHRE L FE) IV THRERDEE
EHBIRZET 227> & T A, THEEIT OBV NS WA IFR—R
A VFED, REVEERBRETFEIEN TV S I LIRS NI,

¥ 70, CERIEREMEIEROMZEIC B W TH ., ABROEMESEIRF X T
W5,

HEARIZ X % Native Checker®ld, AN L 72RBUTGRY) BE TN T GHICZ
OfriEzZ M L, FTIEEfi 2 T 5, S 61, TR o R 2@ L | 3%
DZE]IEL CHBIZRET 22 LN TE S, HlAlE, “we show the resalt” &£ > 9
ANNVIAZEAR 7T Z AN LTHRERET 2L, K9IDKHIT, ARV I AN
B S NET IR RIS, 2OFD 5 result ZiFEIRT 5 & 10D k5
12, “we show the result” & \»9) KEL2 &AL I NS,

Chodorow & [18] 12 & % ESL Assistant (&, XFED HBETIERIC, FTIERTORBL
LElIEgoRIDZNZNZ 72 L LTHREBLI VY VTR L iRz iR

"http://med.tackpad.net/
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10



- AR T
Native ranual meeting: | [ T

"made by wood"

Checker imaybegear EERBOEEQKAS.

€, [we show the resalt | G=v2)
we  show the t
REM BRECNR-NT) BER PO BELIWBEERS Y R LTSN
we show the resalt , result ol oiets O BFzvy
Al A IV
resale L’“

9: NativeChecker : 32 D OfH|

ABYY T

Native & ‘wurers prorrmrymr——wmr
Checker itmayvegrar BEOEHQKAS

), |we show the result | G==

we show the result

REP DA—NoNR) REP 280 BELELEEENRCYRLTIESL

@ we show the result 20,200 4% 2 ke O BFz v

20104108158 ... We show the result of the numerical experiment for
137 matches ... We show the result set cache on the Spotlight

Line 18 is where we show the result of a click, that is,
First, we show the result for two rings, as shown
whole evaluation on each study, we show the result on Tokyo metropolitan area in
form for Lisp to evaluate. We show the result of the expansion with *

simulate surface ten- sion effects. We show the result of a test case, and

We show the result in October 1994 in Table.8

In this presentation, we show the result to analyze the real sales

the paper. Download: MP4. Here we show the result of our technique on the

i

10: NativeChesker : 3% 0 g1 1E#2 D HBIEE T~
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ESL Assistant® "Research

Download Outlook Add-In |  About |  Help | Microsoft® Translator |  Microsoft Engkoo | Tell a Friend

This is problem that I see every day. 1 am very [ ieeg in solving this problem.

O @ O

. very interesting in solving Click to accept
Bl very interested in solving Click to accept
1%
We're very i in solving itoring prob for sites of all
sizes.
See the page.

I'm very interested in solving this problem long-term so that we both
win.
See the page.

Bing found 25.3 million examples.

Results by bINg

Microsoft Research | NLP Group Pages | ESLAssistantBlog | Privacy Statement | TermsofUse | Feedback

© 2009 Microsol ft

11: ESL Assistant : & D &] -4 H#HEs

%, ZDRBEXLEH A=y MZLoTEIIEOZ 42 R L TE D, Z4UzH
Hiltrsz D7 70 —F EFLIL TWw 5, filZ X, “This is problem that I see every
day. I am very interesting in solving this problem.” & \»9 953 % AJJ L Check
DHRY %7y 7925 E, problem & interesting D3N A 74 b 34, i
DD3H D EDVTrD, T T, interesting DIF T ZEIRT S L, K11 D LD

2, BTIERTORBITH % “very interesting in solving” & Gl IEEDRILTH % “very
interested in solving” D ZNZNDMR LV ¥V TREBEI N, ZNZT DR
HENDZEXDEIAET, FTIEROERBNE EN 2 PSR TE 5, ZORKiED
5. ¥EH X interesting DT % interested IZETIET 5 Z L 2NHEYIZZ EEZ 5 2

EPZTE S,

KEES [19] 12, BEWEIER L IR v ¥ v Z A GO T R IR 2 H
TTED, MELY Y v L LT Google Z 7 HMESGHRES AT L2 REL TW»
%5, $9. FEMEEIC X ) HARGEDO X 2 HEIIC SRR L 72 b &, Xk

12



TRICRDEBZ S AT LA L, ZOHFTHRUCKET L 2 0l 28I~ 5,
RIT, BRSNS %27 ANV FAH—FICESHZ T, Google MR %119, ¥
AT LIFIEC DIGERSI N O miz . g7 — & X — & MontyLingua
Lo THaML, AUMFAZEDD D)% Google BREBRDAER LY L T
A=Y =R T B, 2=V — I3RS NRRIER L MRS R R E S EICT
28T, I HOLNTOLXMAEHL ZENTE S, ZOFIEOEHNEZLHER
T 570, HARFEX L FEELONRIERD H 2 KT — % 2 HE L, HAFEXIC
XLBIERY 7 F CHERZToHEIDI AT L2l TEIEZET EHRZ 14
DEIFE & W RIATo 72 & 25, R HliEFH OMET, Btz SVO, SVC
LB T A2HEHC O L TEWBEIMF SN T3,

D), GH, R ZIT IR RS AT LADFEL TR D AfiER
RICEH LY AT L8\, L L, M5 [14]. =86 151k 37 v 7 —
FERR, WA S [16). #ERE S [17) 1 X B /AN FEI DA . Fh & DRFZE T,
FBIRE TR LTI -DICIZED X ) BRRBENDLETH 5D &
Wo o, BEFNETHHZTONTEE ST, BRINAHMILEEL v, 2Dk,
FESCIT BT 2 IR DA RO WT, 25l 2 3l 2 101247 2 2 BB IS 20
WV, RETIE, APIRSRSEESUCHATH 2008 9 IO T OFHIi 1T 2 %
AT LADBEI DT DI, FAEITB T B RER IO WT, AFIRER OB 5
IHTEAT

13



3 HRIEXICKITZAFIRROFERKE

HARANDEEE T EZF CBICAL 2MEICIIRLY 200D 5, RETIE,
INs DOREICRT 2, ABIRERIC X 2 KEO I OW TR 3,

9. HAAZMGE L2202 BI$ 2 3CHR [6, 20, 21, 22, 23, 24] 12D
T, EEXDEEDOREIZOWT, FHCHBIBRER OB D S ot 2T o 7. % Dl
B () ZBOBEYMEZHER L 72wt (2) BEHOMAGDED T 6 B WIGHE,
(3) BHOHED DD 6 A, D3 ODHEEICHTELZ, (Dik, 72V EL
TAN LR EOBREMH I N TR 2 0IcFE T, Z 0y %2 flid %
LT . MBIER DR EARNZAHNGETSH 2, (2) 13, @Y ARHAOM
AEDLE 2R T 2HAETHS, (3) 13, REDKBAZAEUX2MET 5 LI
k0., 2ORBOMEZERT 256 TH 5,

REDETIZ, ZNZETNDOHEHIC, EDOXI B I7ZYDBANIN, ZHUIXL
TEDLI)LHBIZIRRTE 2 EDERTH 201200 TR 3,

3.1 REOEHZHELEWES

HENEERTHRILL LT D FIIEBEORIPRRTE 56, 2 DHRI
DY) TH 2R L 2 DD D,

W ZIE, T~%F 270D approach) &) NEZET /DI, “approach for
~EWIHIRFZB OV ET S, DR, “approach for’ 7 £ &£ LTAM
T2, ZN2XFHNELTEOCRLIDO L) TP ZRERET L LB TENR, %2
DRSO PHRBLDOWNED 6, “approach for” &) REDHEICH 6T
WHEWH) T EBTD D,

3.2 REOHEAESLELHDHSHEWVEGE

KELL7COHABICN LT, EDL)IRBIZMAGDES ROPIH 5 72w
Ganid s, JiUd, HAEAOEIRIDOF 2B VIR VWGE L, H 2 EE

9ACL ARC[25] N TR L 25 H DB LETH 5,

14



Z¢ 1: “approach for” THiZR L 7-FE D FHIRER DB

“approach for” THZE L 7255 ¢ 1,246 fF

*... we propose a multi-level editing approach for maintaining consistency

. an assembly-based approach for project-specific method construction

* A kernel approach for learning from almost orthogonal patterns.

. introduce the conventional approaches for automatic thesaurus con-

struction in ...
* This strategy is similar to our approach for answering definition ques-
tions.

* Therefore we stress principled approaches for feature extraction and ...

*In this paper we present a novel approach for building maximum entropy
models.

. we address the dearth of approaches for summarizing opinion infor-

mation.
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EHAGDOEONDZRIZIMINT 2 2 LICKDFIRL WG EICHE TS 2 &
TE %,

3.2.1 FRRZEEWRZWES

REEDT 7 2N T7A4 T4 v 7Tl ACERBEOMBD IR L Hkbi 2 i &
%21, 22, L L. FEHFOBEBV L OEGEIZ, VIR L 28T 5 7D 12t
DERRZETDITEHTHZ E0H 5,

B Z1E. “results show that ...” &\ 9 RILD “show” Z R DFEITH WHLZ 72\
Bitr. “results [V] that” E AJJL T, R2D X ) LAMIZBET 2 LN TEN
IX. “show” DI D IZ “indicate” % “demonstrate” Z 25 Z L DIH[RETH 5 &
T35, TITV]EWw)ilm38EE2ER L, HoWIEFENIYUTIITE S, £7-.
“indicate” & “demonstrate” DR X B 2 LT 5 & “show” E FWHAZ 55 L
L TI3 “indicate” DIF ) 3L D —fRIVEEBLITH 5 2 L0300 5,

3.2.2 HAEDLEIREHLBWLWOHNGZWES

HHRBLEMAGOELRBIE L GHEY R DD FE 27 K B0O L wWGEIC
DWTHER 3,

BIZIE, “idea” &\ ) §E L flAB DY A Z ML 72 WG, “[J] idea” &
ANLUTHHIZBRERT S 2 LIk D, R3IDE) LB ZIRT 5 2 ENTE,
“main” % “key”. “novel” &\ o ZIERFABH G SNT WS T LT 5,

3.3 REORAZELHRDSBEWES

HHRBDODMER TG, Z2ORB[2ECX2ME T2 2 LickD,
MEZ2HERTE %,

Bl Z1X. “precision” 12D W TR\ E, “precision * %7 & AL T, #£4
D &) BB ZEERT 5 2 L3 TEIUL, “precision of ~%”% “the precision is

16



# 2: “result [V] that” THIR L 7-BR D FHBIEIER D4

“results [V] that” THIER L 72 #i R 2,543 fF

“results show that”Z&T A : 1,156 &

* Our results show that forward model adaptation alone ...

. representation, however results show that system performance ...

* The results show that the largest number of erroneous classifications

occurred ...

* These results show that the choice of classifier is extremely important

in this task.
“results indicate that” =L G : 429 4

* Nevertheless, results indicate that our learning approach ...

. and our own results indicate that the same description may ...

* On the other hand, our results indicate that the proposed models are

robust.

*Thus , these results indicate that our corpus coding is adequately reliable

and ...
“results demonstrate that”Z &L A : 75 4

* The results demonstrate that the sensor-system is a ...

* Furthermore, our results demonstrated that recall plays a more impor-

tant role ...

* We do not believe, however, that the results demonstrate that the less

 Experimental results demonstrate that the use of phrase-based trans-

lation ...

17




7 3: “[J] idea” THER L 7B FBIIRER DB

“[J] idea” CTHRER L 7ot 5 © 7,426 1

“main idea” ZZCHBI : 274 4
* The main idea behind this heuristic is to find ...
* ... these components supported the main idea of the proof.

* The main idea of the proposed approach is to compute the composition

. make annotations freely and summaries which reflect the main ideas
of the text.
“key idea” Z2 T FIM : 165
* Our first key idea is to maximize the target signal to ...
* The key idea is that a solution of the ...
* The key idea in our method is to avoid the complexity hierarchical tree
sturcture.
*Our key idea is to detect the intervals and then compare the consecutive
items ...
“novel idea” ZZ L AAI - 26 4
. an ability to produce many novel ideas or solutions, a flexible ap-
proach to ...
* This is not, of course, a novel idea, but we think that we have refined
it in ...
+ It is not a novel idea to use machine learning in connection with ...

+ We propose a novel idea of forming solder microbumps on the ...

18




7% 4: “precision * %" THIZR L 72 FE D HHIH5RE D H
“precision * %7 THi%R L 72 b4 © 3,353 /F

+ ... lexicon was found to have a precision of 77%.

+ Evaluation shows a precision of about 30%.

+ This conflating has a linguistic precision of 99%.

the performance of our overlapping disambiguation with

precision of 84.1%.

+ ... shows the results, in which the precision was improved to 50% by ...

* The precision is improved to 62% by refining ...

improved to ~%” & Vo ZBWEILDBH WS INT WS Z ERgH» 510, ZOfER
5., Tprecision ’~%TH %, XL 72 A1 “a precision of ~%” £ 29
FHHDHRETH D, Tprecision BE I N~%E %5 ERBL 72 0EEIL “the
precision is improved to ~%” & \» ) READH[GETH 5 L7325,

WK AN FA—F2ERL, EROHGFENAS,
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4 DATLDKE

RT3, JECB T MR 2, MBIBRSROBIED S 08 - L 72, C
DFFRICEEDE AR TIE, T 6 ORJERICHGATREZ2 IBIRER > A 7 L 2 h
FY 57201, BERWEHE & BERFRERDOIENSIED 2 212570 T, 2 Dkt itz

ISR

4.1 WRFREEE
P WSS BT 2 REICN LT, BRI T R S BRI DV T

ISR

4.1.1 RIAILRAH—KR&RSE

TR AN A= FBRREE, VAV A — FEICEEOMEBSINASL Z L%
FFLT, HBIZRT 2 TH 2, RER7 ANV EA—FEiE, 122 68ED
EROFFEICHIET 255 Th D, ThETAY VA7 (*) ZHWTHKILT S,
—fRIIZ T AV F A — FTIENIET 25882 # N TE hwaolcyf LT, iR 7 A
VR A= FIENIGY 2550 EREZ FEEPARICRETE S, JUTkh, 7
AV B — FEBICEiLL FIc% K OFESMIGLTLE ) 2 £ 2L,

4.1.2 @RFRE

AR RRER Lk, RED MO Z BB 2 R T e TH 5, TERT AL
R — PR CTIRIREBE XL DS § & 254610, HNORBLZFEH T 2 DHsWEEIC
%%, R 2 G LT, BRI DAL T Ik > T, ZoMEITRIG
T2, 321 TRLEFlD LI I, Z7ZVIC|[V] Loz Eaod sl Lickd
MR 21T .

20



4.1.3 EHEERFE

BFFEMR L3, FFEDREZ GUTHPIZ T TR, ZOHEEBEIEGEN TS
BB IR T 2HERECTH 5, mnailifisk & D BHY *ﬁ%ﬁ:&%%ﬁ DIAR T WIGEIT IR,
CDEREDTNTH 5, iﬁ%%fﬁf’—%“(“)ﬂ%%*ﬁ?ﬁfﬁ‘ 2603, BV 72 0EE (I
ZE “results show that” @ “show”) IZHEEMEKR 2Tl & LT “+" 25
(9] 21X “results show+ that”) L ’C*ﬁ%@‘ 5L 2,

4.2 BRREBERORTAE

FPIRZ M S % &0 ) BTl BRKEIROR TR ZHE 5 2 L bH
HWTh 2,

4.2.1 HEIRT

fat#eom &, 2 LBz GOSN % a— 2 ToO B Z XK 5
EETH 2, BIFETHI BN E T 2B U § %, Z ORI k-
T, HBBDL EBl 2 L ) —RINAEBTH 2 LHWIT2 2 LTS5,

4.2.2 FRAIDORTAE

M2 —BEFER T 28 2?2 LHic, 729 E—BL %0z il
EL., HiRICURZEZRT 5, 21z KWIC (Key Word in Context) /72 & 5
2]l KWIC TADFRIZ, a— R AFHEAPTHEBEFTOTH 5 L, RAVIGIHT
MEICHVsTw

4.2.3 RAHOERFTDAEE

JERT AV R — FRSR, fhailfisR, BEGEMRER L & Tz iaE 9 Icpl 2
BB L72B%, R 7 A )V F A — Femalc o 7235l L. 20 nokiEt
BEHRE2LZRLTIRL W 3D S, BIZIL “[J] idea” &9 7 L) THREZIT->
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756, K121 k)i, ) oisric47: % “basic” % “main” &\ o7z

THHZLTT L. 202 oifEtEwe #Znd s,

] idea" : 1000 hits
125 groups

basic idea : 217 hits

search this table

Length normalization represents a deviation from

. basic idea .
this

To accomplish this , we relied on two basic ideas .

ideal geometry .
There are two basic ideas Brussels does not get , freedom and liberty .

We detail each below.1 The basic idea

naturally leads us to consider combining them .

As stated above , vectors in the same cluster must
4.1 The Basic Idea have a small distance between each other in the

The complementarity between the pattern-based
relation-oriented approach and the anchor-based
argument-oriented approach as discussed above

<»(

main idea : 138 hits

search this table

Our approach leverages on two main ideas .

For our purposes it also allows the straightforward

graphical presentation of the Ealicess

Before giving a formal specification of our model ,

in id .
we will provide a high-level overview of the main ideas

Yet , many of these approaches have a large number
of parameters that can not be easily estimated.Our main ideas .
approach leverages on two

Additionally , these topics provide an informative
picture of user search history.Terms with highest Main Idea

X 12: Hflo55 1)

U] 1, EFADOKEEIT) oD TH 5,

22
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>
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5 YATLODERE

HIEE T R 7RG TR - T, K131 L 72, SR D 72 & o iR
¥ AT & PoEC (Partner of English Composition) %2953 L 7z, FEHDEE, Web 7
TV —vary7L—u7—2 %L TDjango, XKL Y & LT Apache
Solr Z H\»7z, Django ¥, Python IZ X > THZIZ Web 7 7'V r —> a v % %
$5 I EHTE S MTV (Model Template View) 7 L —A 7 —27Tdb %, Apache
Solr X, OSS DEXMED LY v & LTHA% Apache Lucene Z X — R 12,
HTTP CTOAS (=7 7V 7= a b)), B Web 7 77V 57— 3 v,
X vy ¥ a2 i EOBBBINIRZ T o 72 Java D Web =17 7V r—32 2 T
Hb, BMETL74— IV FZ2EEL TRERLEREZIT) CLBHRETH S Z &
5., ZIIFAXMRL Y E LT Solr V7, 7, a—s3RiCid, ACL
Anthology LD FEEEZEDF LT — & 2\ 7c, XU 1,340,000 X TH %,

P o E c -B "we shows the [N]": 1000 hits
468 groups

we show+ the [N] ? we present the result : 136 hits

OZEfefzahdCRR O 71/ KH— RELEE m

ACL Anthology? BN S NI 0004 % 17 . . achieved from combining phase two and
In this section we present the results
three together .

In Section 4 , we describe the evaluation
process and in Section 5,

and discuss each task.5 ( decision-trees ) ,

we present the result : 136 hits m In what follows we present the results Naive Bayes and Support Vector Machine (

we present the results and analysis .

e demonstrate the effectiveness : 32 hits SVM)T.

we show the result : 31 hits We start with the description of the and discuss the 4.3 Regularization Term
we present the detail : 19 hits experimental set-up and the dvki dui dvki we present the results utility of the constraint on inter-domain
we demonstrate the utility : 14 hits baselines , then variability .

e present the evaluation : 13 hits L In Sections 6 and 7 we present the results and discuss the results .

we present the performance : 13 hits v

we demonstrate the effectiveness : 32 hits

0

7.1 Word Alignment Evaluation First , . of VB over EM , and explore the effect
: . we demonstrate the effectiveness .
using evaluations of alignment quality , of the prior .
of a straightforward , supervised
classification approach to noun
compound interpretation that uses a
large variety of boolean features .

We demonstrated the effectiveness

However, if the sound is voiceless in of constraint driven learning empiricall
Chinese , its backtrack English sound we demonstrate the effectiveness g emp! d

must be voiceless.In this section ,

X 13: HflfRzR > 2 5 A PoEC

K 2T LTHPIRERE 217 ) REp AN ZK 1418, £9. Ahdnsk
27 .Y % Django ~iEfE L. Solr TEXMRZITI 7cdD 7 TV ICEWT 5, f
ZIE K14 D kI “[J]idea” &9 7 T Y BAN I NG X, base £\ ) 4
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AN (UI=REEFED o SolrD Y T1) [ZE

[J] idea I JTURE » base : “[J] idea” —Pﬁ%
ti 71 TAINEYLY index
— —
“main idea” : 274 hits html 4 BX :—| REHER
The mainidea behind ...
..the mainidea ofthe ... \
indexing
j —)(X:
ACL &7 —%

X 14: HHIERE D

HID 7 4 =)V ED5 “[J] idea” &> ) XFH 2 R2MET 5 &) Solr D7 LY
"base: “[J] idea” ) ICZHAT 2, ZOBE, 71U ]\733%7”’%?"5 134T NLTK &
WordNetLemmatizer |2 & O JRIICZEH19 %, Solr ICIFEHaI 7z 7 Y H3ikfE
I, BXERBTbINS, XKIZ, BHEHRE% Django “C“HXT%FL\ ECDICAN
§ﬂfc7l‘) WKABL B ORTEREBREZ 74 V) v 712X > TR RS,

FEAIT, TR 7R KSR S html Z B L, 21— — IR § 5,

a—RAZEEFN D EXD indexing 1. BH DX IHIZ, 1 DDHELIIH L TH
30D 74—V FRHEITLIEICTEDITI,

# 5: ¥ D indexing
id | P08-1062.tok.gtag-28

sent | The main ideas are as follows .

base | The main idea be as follow .

id&Vv) 74—V FIZiE, "BXDBIPERSI N T LEmL 7 7ANDT7 7 A NVE L,
Z DY XNDMEH DX 2R T HFazflatbe 7, LXEHAD id %
T 5, BlZIE, RHICBTBid X, 7 7 A L4 P08-1062.tok.gtag & T X FH
T 28 B ABDLELLDTH S, sent £\ 74— L FIZlE, "XZDHD%
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BEkT 5, base £V 7 4 =)L FITIE, sent 7 4 — )L FIZEGRI N LITE F
NZETOHFEZFIVICEIR L 72 b D 28R T %, FHIP~DZHIZIZ, GENIA
Tagger DEMNTHT R 2 72,

DL, ZNENDT 4 =V FICHIET 27— 2L T ZEick
D, 74—V EFZIEELLEAIC, ZO7 4 =V FIEHSN TV T =915
BRERDIRE & 75 5,

R AT LTI, KRB RL 2K 2 X L0 TRRS 570, @HIX, 7
IVICEENLKHGEZ BIZICEILL CThase 7 4 — )V F 6B 21T\, sent
74 =)V FORXZMfE LTHRRT 5, BlZIE, “researchis” &9 7 Y & A
NL 7580, 7 1) % “research be” ICZHAL . S 51T base 7 4 —L R L1853
#1479 MR Thase: “research be” | ICEHAT %, ZDOMERIZL D, base 74—V
FIZ “research be” Z B LWL 2R T 5 2 L3 TE, MERHIR L LT, “research
is” % “research was”, ‘“research are” 7% £ Z &L HBIDER I 1 5, FiE DRl
BITOWTHRZIT VW wEaIE, MI3ITR LA T2 UE2ED IR, O
Fxy 7Ry JALF 2y 7ZANTRET 52 LT, 7Y 2 FIBICERE S
IZsent 7 4 — )V R L EBEMERTE 5,

¥ 7z, indexing 217 9 FRIZ. Solr DHFGEMRIERE 2 )GH T 5 2 &£ T, sent 7
4 —)V K, base 7 4 — )V FICERRI N ATEHEEIC, Wi 2 i1 %, Solr DEH
FeaotRREERE & 1X, 61T L7 &) BNED synonyms.txt &9 7 74 )Lz H
BT 25IET, BXRRE2ITHBRIC, HEGEEE L L HEEZ A ICHRETE 1%
HETH 5,

£ 6: HFREZIEE T % synonyms.txt D
Microsoft, v 712y 7 |
Google, 7'— 7' )L

Y7 FFNVE, v 7, w7 F

synonyms.txt 1226 O X 9 IZFA L Tindexing 2179 2 & T, “vA4 70V 7
F7 &) 7 LY T “Microsoft” £ W) REDIEENL T —FZ2MR LD, “vv
JPEV) IV TR FFILE W) RBVEEFNET—F L w7 P Ew
IRIDPEGENL T ZRARHIREBE LD T5 2 L3A[RELE 2 5,
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COREEZMHL T, KA TLTIE, 7D K9 7% synonyms.txt 2 HET
%5, ZDX 9% synonyms.txt I KD, HEHEEE RG2S OB & T, KE

# 7. K> AT 5 Tindexing DFFIZH > % synonyms.txt
attempt, [N]
attempt, [V]
appendix, [N]

anything, [N]

D DOHFEZREBE T 5 T EDHREE 2 5, BIZIX, £ 7D K ) I synonyms.txt
Zlilhd 5 &, “IN” &) 7 2 T “attempt” Z L3, “appendix” Z & 83,
“anything” Z & U XREKETE S, £/, attempt D L 91T, HEEDOMFICRD
RHERIZ, RTDL )T, 2 F2ME 22 TEHET 5, 2D synonyms.txt I,
BRBEWNROFLT — 2 ICEEN 52 TOILDELHEEIZ DT GENIA Tagger 12
Lo Tt & 7T 2T o AR & HEICTHRIRT 5, fal & 70T 2479 BRI,
Tagger 3iR o 7ofid] ¥ 7% AT 2 Z L B3H 570, H 5 HEEITHILT % i o
T, 7T S R 12 A 7 o fiEa 1E synonyms.txt (2 IEERIR L e 2
tlicdT %,

BB, RTIZET 5 attempt 120 5 27DFLA I, “attempt, [N], [V]? &
9 110 & FARRDOE®RZ D D,

5.1 MRRHEEEDRE

WO A R AT EH T 0TI L 7 T A MR ARIC D 0 TR B,

5.1.1 ¥ERTAILRKAH—KRIKRFE

ANENF7 ZYVRIZTAZ VAT (F) BEENTe 54, 71 % Solr D
UEFARTE 24T ) BERAUC L L TSR 217 ). Solr DILHFRRTIX, 7 4 —
)V R CHAGE BAGE BHEE) O X ) BRI KD, FHEL L7 4 — Vo, HE
D BRI D B2 15 L 72T E %,
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Bl Z 1. “we *2 that” £\ 9 7 Z Y B AT I N 5E1%. Thase: “we that” 2
EWVIHIMBRICEH TS, ZUck D, base 74 — IV ED 6, we & that DEIC
2FEDNDOHGEZ GU X 2B TE, MEBHEHRE L TUTD LI 2HFHR X
ns,

e Like previous researchers, we found that CRF models outperform ME mod-

els.

e We can see that the extension is very straightforward.

ZOB, EEED X2, we & that DRI 1FEDO b D BMBEINTL 9, M
%@UX%H%@% ERELTRRLIWESIE, M13IRLZ, T9AVF
REEBURE) OF 2y 7Ry 7 AZF 2y 7B ANTHET S, iUt kb,
%k@%ﬁﬁ%@%%mﬁbf\Eﬁ%ﬁmi%74w&UV¢ﬁﬁbh\74
VR —=FIZHIRT 25E80Z, 7AZ VA7 DBEAITHEE L BT L EH L WEIC
%578, we & that DA 2FEDOHBIZZ I EI NS,

5.1.2 MR

HX D indexing DEFIZ, 7D X 9 72 synonyms.txt ZHET 5 Z & T, Solr DIH
AR RAEIC L D, BERICAEAZFE OO 5 2 L3 TE S, ZDhkd, 71
W[V B EDMFAZED S LT, FEDHFIZOWTHER TSI ENTES X
I B, PIZIE, “we [V] that” &9 7 Z Y BASI S NG EIE, BRERKIR L
LTCUTD L) BB RRI NS,

e We found that this worked surprisingly well.

e Similarly, our scoring function is simplistic and we believe that it can be

improved.

5.1.3 EZERTR

AT E N7 ) NOHEEIZ “4" IG5 I T W B 6. ZOHEDOERE
WordNet 225 HUSG L. ORME%Z1T9., HlZI1X, “we show+ that” &) 7 ) H3
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AN N7 5E1%, WordNet 2 & show DHHFEEFE & L Tindicate, demonstrate &
WO IZFEDHSTE 5720, 7 £ % base: “we show that” OR base: “we indicate
that” OR base: “we demonstrate that” OR ...; & \WIBRAUIEW LT 2, T
£ D, base 74—V 55 “we show that”, “we indicate that”, “we demonstrate
that” - DWVIFNPZEUXEMERT 2 2 LB TE, MEMBLELTUTD L)
BRI B,

e We show that the proposed method significantly outperforms existing Japanese

text processing tools.

e While mixture components are difficult to interpret, we demonstrate that

the patterns learned are better than random splits .

LI E I T B HFEDBFEFEDY WordNet WICHTE L 2 W &IE, B
MR ZTOT, 72V 6 “LERRELLIETHRET 5, FlZIE. “wet show
that” £\ 9 7 Z Y DA I NI GEIE, we DHEGREIZAAEL B0z, “we show
that” &9 7 TV ICEIURE I N,

5.2 BRREBERODERAEDRER

B TR AR 72 35 T $HC I DWW T IEEE L 72 HHI O T 2238 n HERIC D WL TR
5, £l AV AT LZFMEL T BERET, 22— —2oHflo—E%2ED
HMEREDIREZZ T 720, GbeTihR 3,

5.2.1 KWIC &RXR

RBIND A1 & N7 7 ) ISR 2855 ORI html ¥ 72 AT 5 2 &
&> T, Z7ZVICHIET 2832 HDICEL, N 74 FT5, 2tk b,
BI13 ISR L7z k) ic, 72V ICHInd 2880 2 HRICEE L, RSN A T4 b
L CHtIZEERT 5,
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5.2.2 HABlOER T ERERR

Solr 2* 5 Django iR (8 S NIMRAG R Z . 7 TV ITHIBT 2 XA % key, B
WX % value 12 L e REEIGE IS 5, 72V ICT7 AV A — FRmaniE £
NBHY5A3Z D72 BARN G HEETHO L 2N ZENDOEZ key & L, BZEGE
MR T 2EPEENIGHIT ORMBINZNZNDORIZ key £ T 5, HlZ
X, “we *2 that” &\ 9 7 T Y DA I N5 1E. “we can see that” $° “we will
see that” &\ o 7R B key £ D “we [V] that” &9 7 Z Y DA ST S 7
£, “we find that” % “we believe that” &\ o 72 KD key &2 D “we show+
that” &9 7 Z Y BAN I NFYEE, “we show that”* “we indicate that” &
Vol Rl key %5, THUTK D, BEBEINABZ, T AL A — FemmE
ICEENDEE, HERETLIUET T 5 2 EAVTE S, html 24T 22,
HEHED key 12> TWAET%Z KWICERICE D ANA 74 P T 2808 ART,

F72. 12D key IZHIET % value DEZZ 5 LICL D, HrREVEGEEN
B DB D579, ZORBED GHOETERT %,

5.2.3 BHROIRR

BRAE R L L TE K o HfIDR SN Ga, = EIcERn S iz i)
5 MHIcERINIAPETE2EE L, HWOMBIZ B2 9L 7570,
BIRLZEI) BEHXRZERRT 5, HXIE, HBIOMZ T 2179 BED key DINE
& value DED & HEIWIZAIRT 5,

5.2.4 BERESNEEARADOZ71ILTIVT

FilterTable & \»9 jQuery ZFH T2 2 & T, fERINIHHZ, HE L 725
BTIHILT74N2 ) 7§ M2 T 5, PIZIX, “weshow” &) 7 LY
THREBEZT RIS, REMROT —7VDH LICERRINTLETF ARy
7 AT “result” E AT B &, “we show” & “result” DI /5% & A Tl % HBI23FE
NIND, T IZT. “result’ D3E FN T 5 L )LIT FilterTable DFEREIC X D A
74 b33,
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P o E C “make * model" : 364 hits
215 groups

make * model 2 make the model : 77 hits

OZEee&» T CRER O 71/ KH— FESREE " m
“ACL Anthology? ERWH S B 0004 %15 Let t denote both the tree and its root node , ¢ (
1) the list of children of t, ci (t) the ith child of Bayesian , we must define random variables to
t,and p (t) the parent of t. Each tree t hasa make the model represent each of the model's parameters , and
hidden state zt (in a syntax tree , the tag ) and specify prior distributions for them .
m an observation xt ( the word ) .To
We truncate the history , as above , with horizon q . :
make the model : 77 hits m r:/\ v oy mompet make the model Markovian, since the known set has no horizon .
make our model : 19 hits ' )
make this model : 9 hits This makes the model a good match with the commonly used phrase
make by the model : 9 hits extraction heuristics .
make by our model : 6 hits bilingual , we just have to deal with the features
make by this model : 4 hits A h: 1 nt , namel lexi 4
: A herol ot me™] that are language depende it , namely the lexical +
make it possible to model : 4 hits v nas Lwnrd farme in_rontavt nattarne

make our model : 19 hits

capable of learning to prefer "nearly” projective m
We wish to make our model parses whenever that behavior is observed in the
data .
This makes our model contain fewer variables .
especially suitable for application in machine
translation , which needs to obtain the argument
This makes our model alignment.The research work has been partially
funded by the Natural Science Foundation of
China under Grant No .

Nirartly madaling fartility malkae aur madal findamantally diffarant fram athare

15: “make * model” DFREE G H

5.3 AT LOFIAH
FEERICHAEL 2T )R 2 E L, A AT 2D0FAHFlIcOWTIER S,

FEFIVZEED) EEBEWES HWiET IET V25, LHESZLVLEAIC,
make ~ model ¥, build ~ model &) RHZEHE >t T35, 2D
LE. CO200RUNZNENEFNIAMZHE T2 2 LITk> T,
HFICINSDREDBED L) ITHHINT w20 21fER T 5, “make *
model”, “build * model” £\ 7 Y Z AN L TENZIURRT 5 &,
15, X116 @ & ) ZHEHEAER I N5, BERXDOWNER, “build * model” D
FRER S “make * model” DRRE XL D L\ L2265, build ~ model
EWVIHRBEHEL T B2 EBTh 5,

FHIL Y IDIEW) EBEVEE HEET TALy ODAv) EEELV
B2, large coverage % high coverage & \»9) ZHZEvownw/z L9 3,
DEE, INSDERBPFEBFAIH SN TV 089 2R T 272 DIC
“large coverage”. “high coverage” £ \»9) 7 TV Z AJJL TZNZURERT
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P o E C ¢

build * model ?

Oxfeeas iR O 71 KH— REEE
#ACL Anthology D+ E2i#ih & Lfi11,000f4%

* model"
422 groups

696 hits

build a model : 51

hits

build 2 model : 51 hits 0
build the model : 28 hits

build lanquage model : 18 hits
build a language model : 16 hits
build statistical model : 10 hits
build a translation model : 9 hits
build the language model : 8 hits

<l

We also  built a model

To build a model

) Here , for simplicity , we restrict the ROSE

search this table
(11 ) based on one empirically optimized discount
D = 0.55 and an empircially optimized value of &
=09.
and score the same essay sample would take up
to an hour .
based on a given year and then evaluate that

P o E

English

C -3

[J] coverage
Oxfeas TR O 71/ FH— FESEER
#ACL Anthology®FER#A S EAi1 00042 7R

model to use only the “official” ROUGE metrics to build a model model on a subsequent year .
based on latent factors , but we use the latent
Weldojnotijust | bulda | faf:(f:rs to determine which of !he features. in the
original word vector are the salient ones given a ~
particular context . 3
v
build the model : 28 hits.

search this table

This is used as ground truth for building the model .

The toolkit supports German and English ; and it
uses the openNLP MAXENT packagel to

86 % F1 for the "off-event” class when only 50
% of the IBC data is used to

The algorithm locally maximizes the likelihood
function via an iterative procedure.We used the
following TMLM parameters to

Although the f the two t f model i
ug usage o o types of mo e:f building the mode

build the model

build the models

build the model

tha ramn thara ara rama diffaranane i

] coverage
146 groups

Is .

16: “build * model” DI LT

000 hits

S| )

broad coverage : 138 hits

broad coverage : 138 hits
good coverage : 98 hits
high coverage : 86 hits
low coverage : 77 hits
lexical coverage : 66 hits
wide coverage : 53 hits
full coverage : 33 hits

<«

The more the theory uses rich representations broad coverage
the more the system may achieve

It is currently unknown how to produce a deep

understanding program with

This has aided in the Japanese grammar rapidly

achieving

Therefore , we merged entries from E-to-J

translation dictionary in order to get much

Compared with the multinomial mixture , one

advantage of our method is that it has

Therefore , we do not need to use any backoff

broad coverage

broad coverage

broad coverage

broad coverage

hroad

search this table

<«

good coverage : 98 hits

have a better coverage

search this table

).

Redundancy is allowed to achieve better coverage .
(2010) obtains superior results and has better coverage .

For larger n-grams , however , the FSMLM model
has the

We want to know whether a very simple
interlingua like IF can have

Interestingly , although Lin is smaller than WASPS
it has

17: “[J] coverage” DIRFRHEH

31

best coverage .

good coverage .

better coverage .




L. ELSOBEBEXBSD . REE L THEYE) 2 W § 5 2
EDEEL WV, 22T, 72 2 —BREBIRICL T, IBAFEZET [J] Ev)
Zeanz T, “[J] coverage” £ ) 7Y 2 AL TR T 5 &, K17TD
& 912, broad coverage % wide coverage & \»9) KBIDBEO1 5, THoD
ZBLUL, BRSSP HEREXONAZREL Tb, @Y7 LT 5%,
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6 FlaRER

Hi B CHESE L 7= ABIRSR S A 7 L 2RI LT, BRSSO HEHA» E 9
Z i % 7 & DV EE 2 FEMT 2, AT LDL—YEY 7 4 FHliIcBI T
5$%p62n’;%& RANBC—EOFIFEREZTH) LD b, DABTHED
LAl 2 T > 72129 23, S AF LB T 2 EmUEARMEEZ S HKRT 2 2 L
#T%%o%®k®\$ﬁnfﬂ\if\9kﬁf®?ﬁiﬁ%iﬁﬁ5pkf
AT LARERNEORMER R AT 2, 20k, AL MERZUEL L L
T, iHliEBRZ T .
6.1 i TIXEE R PEFERIC DOV T, 6.2 i TIEEE RIPIFERIC O W TRR 3,
kB, REMDFETIE, KA TLDIRT AV FA— FERE, HIZ7 AL F
A — PR &5,

6.1 H—[E FlaEkK
6.1.1 SEERERTE

oM TERLIGHED, SH, HEECHEO D ICAIRRICEHR L7k x 7%
AT LADFEEL TV LM, FREDWIETIX, HABIRER THRECKIEZIT) 7o
21X ED X ) RRREREDIN LT H 2 D & oo BB AN G X T h it T
B\, 20O, £, BEHANGIHIZIT) 2 LN TE % &) kiElz ikt
THREDH 5,

YA ESCAR D 72 & O IR DA % 41§ % 72 0 O EEEOH L, T
3ONVEILoNS,

e TOEIC @ /XHE o [Wi % SRR E & 3 % FhR
o HED U o i % FBRRE & 3 2 525
o 1 X% PEXY B[ % SRR & 3 % FEhR

TOEIC O/HEDRIEE1E, K18 D L) %fETH 5, Z1id, HifEDHEXLDH
SRIEE 2> TV LI XOWNEZ TFHIL., &% 4 O DERE D & :#BIRT 2ET
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| am - to confirm our offer of part-time employment at Western Enterprises.
141. (A) pleased
(B) pleasing
(C) pleasant
(D) pleasure

X 18: TOEIC D/ {HE o [HRE

I RE B

How much does the described algorithm improve performance of a state-of-the—art QA 3 . We use all
factoid questions in TREC' s QA test sets from 2002 to 2006 for evaluation for which a known answer
exists in the AQUAINT corpus . Additicnally , the data in ( Lin and Katz , 2005 ) is used . In this paper the
authors attempt to identify a much more complete set of relevant documents for a subset of TREC 2002
questions than TREC itself .

KOEZ B IWe adopt a cross validation [ ] our evaluation . J
FHEICIE, REBBEEZRATH.

19: (B —[ul T fRi SR S0

b5, I E LT TOEIC oM OEZ AT 256, @D 5790,
IR 1O T ORBIRER S A7 L CTHET 2 LABICIEMRISWD 51 % v RgMk:
DD, o, AR TKETIHREL 0D, FEELLARIZELOLTY
% LT, ZONFITHIGL 728 EX 2T ) RDLE BREC R L ->TVRE EEZDS
ns, —f, ABTEE LT 1 X20%EX T 2MEZ2 T 256, 885 - &
REDAMDIEFIIRESL>TLE) ZLMETE S, XD, Ry
fiFEERcId, RERREE L CHEO /Mo MEZFIHT2 2 L LT3,

BT & LT, Huang & [28] DEEBTIEZZEIC, K19 1R T3S0 D
MEZGIET 5, K198 WT, FOBRTHEN VM ORMETH D, K
HHRED DX )VIEIRZ 2T, FIEDFED [ D2 )UK o R IR
I U 7e HAGERRTH 5,

TIZANTIA T4 v 2T 2RIAREL T, ZOREEZLNOFIET
HilfEd %,

1. SEEERCT X < Mib i3 KB R i 7o R [20] 1SR S TV 3 £
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s, FRHCHEEZ EEZoN A2 RBZKES T L, HERHY A F21E5,
COEBERBY R ML, FEFEROCHE L 2 HONEIR L 2 RW 2 A L
725DThH 5,

2. HERI) A FORBZ ELHRLE ZDOXXLAHID 5 3% . ACL Anthology
D 2012 FFDFWX T — 8 ST %,

3. HERBY X P oRB 2 5L9e 33, HEERE 2 /KMo e L, K
HOHREE T2, £/, ZOXPHIO 5 Xd, XIRZRTHELE L THIA
ER-E

4. JELDEO T2 HAGERT 5,

5. Excel > — b+ BT, XIRZFTHEL, FSHORE, 7SO REICIE L 72 H
RO R L, BES — 2B 5,

BE, FE4 BT 20O HAGERIZ, EE?MT).

FROGET, Ait40RZ2E0RE Y — PR ER L., JEEEEZREEE L wH
ARNFA 2 2020 L THEBEZIT ), FERTIE, DN L) ic, 480 ofi#E
DIFE ST HET 5,

FHEDH K AT L5 Google ZFIFHE T12, Mac OSX ICEHEEH I N T 5
HEZHCTHRET 2, S THCRREIZ, 7u 7Ly > 750 - Ak
HRREHLICERE T 5,

PoEC(simple) #FHICMA, KL AT L% FHLTHET 2, KL, 740
R — FRER, ek, BEEmEZIHL 2w e T3,

PoEC(full) #EHICIA, A AT L2HMH L THET 2, 74V FA— FBEXR,
AR SR . BEEERZ A LT X,

Google GFEICMZ, Google ZHH L THET %, 7272 L. Google TR % 1T
IGHIE. HRFEO 7 Z VAN LRI EET S,
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2013-12-17 108:16:14.614369 seeds of [n]

2013-12-17 10:16:29.845269 seed of [n]
2013-12-17 10:16:45.0888112 seed [i]
2013-12-17 108:19:40.938726 seed for [n]
2013-12-17 10:20:16.346122 seed of [n]
2013-12-17 10:20:26.126662 seed of =
2013-12-17 108:22:47.763144 [i] this study
2013-12-17 18:23:11.825330 in this [n]

X 20: K AFTLD7TYIT S

PR I3, 4240 oMo EZ, D Eo 4 BEOME T2 1 BT 2MHEFIC
W2 Z ETRET S, BARNICIE, ME L 3EEEDOARDME T, ME2 &
PoEC(simple) DfiF Z 75T, [ 3 1% PoEC(full) Dfi# Z 77T, /& 4 13 Google D
iz )i, MES IZFEFEDOADMEZSTT, L) KT ITOMETZEHL
TR ETREZ2IT), ZHUd, RNEIRACS 274209528 T1
DDVATLIENTLEY, AIHT VAT AIREKAINA TADBEL LI L%
iz Th b, LEOFIHTHREZIT) L. ZNETNOME T THRET 2ME
BIEK10MToER S, F/, 40MIZETERZINADMETH 570, Zi
FNDOMRETTHRET HEIZ, HlxDODNR LR S,

nk. EEziT) NS, MEER L REOB S HIC oW THETHI 21T ),

o, EBHEREBELT, A ATy n 72 ET S, 72)a /T
. K200k Hic, Z7ZVBANINHEE, 72 ONEDREFI N TV
5, 7xYmard, HHHHE T LA ITINET 5,

6.1.2 FHiEAE

2 i DWBRE DN O RJEDAZEIT DT, LUT D 2 D ik TREZ §HA
ERAE

HERS B - EXDE-> T 5813 2 5, B - UK E LI TR0
BIEL 7213 ) R WEAIZ 1 AL BIR - SR> T 35813 08 & L
T, RBzEtET %,

BB XM D ER T DIFE DR 29 DFBL L B 2—HOHEIX 1 A, ko
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100%

90%

80% |

70% -
60%
B IREREA
m 1REREB

50%
40%
30% -
20%
10% -

0% : : :
BEOH POEC (simple)  PoEC (full) Google

B 21: [EEERA] EER

TWAREAIZ0NE LT, HEEEET 5,

U EDTETHRE L iz, RBORAMETH S 2 LItk > T, IEMRZEE
T2, Hiffi TR L7 4EOMESITICO0WT, ZRZHIEMEZGHE L THIRS
52 EICED, EORETIVEHTH 202 MR 5, 5k, @RI, K&
Z BHE[EE & § 28R EFH 1 ADMT v BER R IZEE DT,

6.1.3 HERHER

2 A DB DFIFHRE RIS DT, BERR A TERA L 7288 D IR 2 X 21 12,
BEE TR CHR A L 2B O IER %2 X 22 1283 T,

KT AT L% Google T2 2 £ T, FEHOATRBEZBLTZEAELD D
IERD ERT 2 2 L2 L Toads, K21 X0, #E A, BHEDB £ b
u\ﬁ%@ﬁ@%ﬁ@ﬁ%$#?%m(ﬁofbiok;&#b#% ER N
AT LEMALTECEEICH, PoEC(simple) & D PoEC(full) D& D1F 9
bE%I#Lﬁ?%:k%%ﬁbfwk# PoEC(full) D& D 1% 9 DIEMEHRHS
EFLTW3Z b D
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100%

90%

80%

70%

60%
" HEREA
" HEREB

50%

40%

30% -

20%
10% -

0% - : : :
BHEOH PoEC (simple) PoEC (full) Google

09 [HkEHRA] AR

22 X0, BERNZ LG ATOHEOADIEEENR L E L L>Tw 5
ZEDVDL B,

PLEDOFERD S FEEHD A TG T 2 MM O fif = 5 CRE T 2 [ & Lk
LTS RARTH -1 2 EDHENITE 2, MEEDD WG, REOHES L
PR ESWET 270, MEONE»RZ 2 L, ERE2HKRTL2ZLTED
REHDEHTH 20 2MRTHIEIFHL W B0 5, 2070, BEH
DHAMZ KT 27201213, FUABROMEICOWTRET 2083 H 5 Lo
Z 5,

K 2T Lz2FH L TUREZIT> MEIC O W Tz ) eolcrszyar
ZHELZL A, BSEBMENEDL ) %7 ) ZHAH L THREEZ{T> T 5 H
A D 2 EIETE LD, FHRICED LI R 2V Z AN LIZEAICED LD
BRI ZZIZ L TCOEpEHEANS 2 EIFTET, ED X RBRERENRT-
TVEDIFRWTE R ot, 2070, ERFROFEKIZ, 72 0 7 DOATIEA
+aThHBENZ B,

FERRE TR, PEEP ST X I B axy 2852 ENTET,

o K AT L% Google 2RI L THRZITH & TREZMHAT 5 2 LasT
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ZLDIFHEBIC OIS
o HHDATHET 2541 HPI2SEICTERVDT, ALTH S
o Ry A7 LACTHBIRZAT I BIC, WEREZT) & Wi DT IS G

TAMIE LI ABIR DT L TRRENS D, EORTBRED L I
HIF ST 3 0h & FHARD DT\

o K AT LATHAED 7 )% ANT 252 ETHElIZIERNL TZL W
o UHZ MR T DHEEEASIZ L \»

o RI AT LATHERMEBOMFZ > 7GETH, ML 5 DEMZHRR LT
ELw

o 1T OMENTZEZTHET2DRAHNKEL, MEHT2RLILD
b5

o JHIDHRMEDOIA &, MO DHRICIHEE DA Z HbE 205D
HBAIEMAFLATH S

o PG REHANTOWTRY) M#ED% ., FEELZITTREDTLE Y

o WRERTHLZHA TV LR, ZHICTHILRFIBEAERD

> 7=

PlEoaxy b kb, K ZAFT L% Google ZFH L TWwWBERIZ, %< %
MERT 2 LR TETCHREILORBOTWE I L0 5, EDBIC, REIC
WNTLAGBEZALTHH ) 2 LT, HHDATHELZTHILGEL, R AT 4
® Google ZFJH L TREZITHI AT, EBICHBY LY >Twan L)%
WRTErEEZ6NS,

T, R AT LICBL T, HAFED 7 2 2 AN L THRRE1T ) gL, H
Bl DS % MR 2 8RS, BRERAS IS 0 1172 - A I o [ d % $ER § 2 Bkig
BRDBSNT B I EDbs, TN6DEEEEICOWTIZ, V4L Fh— P&
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PR, BEHERR L o R ARBO G2 MEE T 2 Z L3 TE R
ICFEE R T 5,

FERFMICOWTE, MRE T2 1R OLEHE S 2 7RI HRHE I & > TaHED
KEL., BEHZELRERD 2 2 L3035, SHRIERZ P L TABE
el 21T Z E2ET 5 &, BEEIC L o> TABEDIRE WA 7k 0kE
JERETHL, £/, MBEHTz2iRb L, ZNETNDOMREZTTITOVTIEL WIEfE
BritB T2t TER L), AHMZHERT LI EBTERS L LD,
BB DR E 2 S e WHEBHIEICT 20803 H 5,

MBI OWTE, &2 XBROFEEZBwonTdh | SKHOET DHiE IS
¥ D7D ZEE T 205035 ), DXz B0k WG ICRE %
192 EMTEROI ERDH o, ZHud, FEEOEMELTIIFEE LRl
THY, KHEDIMEDIEAIZ, BEEXZTIRIMEIRESELRL EVRD, 2
D7-», MDA ZZEH T 508035 5,

6.1.4 EE

[ 1R D 7R b [ % R U 7 SIS % 17 o 7 A, /CHE o [T % i < TR
FPRIC L AT I IRDLE 1A E CBA D, RBREOA % ZH T 2 DD
52 Ebhrote, EEFIICOWT, METT%2 1T OZHE T 5 5EICI3RE
DD Ebbho e, ERTFIEOLE ST BELD 5,

7. 7TV SRNET 20H TR, ERICED X I ARERIEZ R L <
EDX I BABEBE L ETEL TV 202 HANS Z ENTERVLI L
Dbhrot, ORI, FEiEHIC, XY a v OiiEiZ X v 7T v T 2Bz %
WTs I L TRIETEL L EIOND,

PLEofERZ R E 2, 8 mPidhis, SBRRAE OISR O TIE % 2 H
LCHEMT 5, £/, Wz X ¥ 7F v T 282y T 5 2 & THEBRORRY
19,
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1

X APRSEZERPTHD. BfE
R takel
R take2

B 23: [58 [RIIRS2ER] 1 32 S/E3Cd % [

6.2 HBZ[E FlEEER
6.2.1 SEERERTE

Hifficid, FSEDFEDERIIFHHIFERIE L T i nw I b o7c7z 80,
BRI, 1 X2 EXT 2MEEA 2T 2L 95, 206
TlE, 1 XEREFEXT 2MEERCHEEZ LT 2 2 & T, FABIRERO &Rk
REDA M ZEHIEICTE 2008 9 . B - A OAHEIERIC EOMRETH
D0 %M T 5,

AR & LT, K23 1B Rz §ilfE T 5, K23 12T, FEX
IR E R L TH DT OHATED LT, TOLITHIBT 29X %, HEX takel
E ) I LB take2 &£V ) ETICIRE T IR E o T b, . REIC
NI pHEZ, MEDLHDENVMIZ, O, O, A, XD 4, GERLTANT
%, b HBREVEAIZO., ok HEBRWEAIEIXZANT S,

FMIESCDIC & 42 B, Hiffi & ARk, EEEHY 2 P NOEEERBEZE&A
TW 5% % ACL Anthology LD 2012 DX T — 8 o456 2 L TR %,
COWELEFEEDPRRLI-bD%E, MEE LTHRRT 3,

B PERO 2 X v b XD, BREICURE R EXZ IR T 505038
W EHIBT L 72720 BRI RER TR, SURE R TIEUIFTR L,

ERRoGET, At 102 E0RE Y — P2 ER L., JEEEZREEE L2 wH
ANFA A [ U CHEBET S, 4%0EBED S B, 2 HIFEERSCHER
B - SRR H O 2 AT EEIR GRS D 5, T 4%, KID LD
AT 5, iU, REERCCUERBOAEIC L D, BEOHRIZET 50
EIDEFBET 0D TH 5,

FEhilx, LFOFIEHTIT),
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8 EE DM
MAT 2 AT L | EFERE A SR
Google PG A #eBE B
K AT I #egE C #efgE D

1. SE/ESCREE 10 B2 . Mac OSX ICEIHEE R I T\ A iFEZ W TS T
%, CTZTHOVAREEIZ, a7y s 7HA - b FEIICRET %,

2. BEERE AL B, 10f%Z., #FE & Google ZFIH L T EE T, #E C.
DiF, 10f%&., FFELAL AT L2 L CTREET,

DIRg, LFloFMEH1 % 1 AH LW, FH2%Z 28HEWSZ L ET 5, 1HH
DIFEL, RE Y — b DT takel £ VI FFTITATI L, 2 FAHDME X, ¥
take2 & VI EBITICANT B, 2MH T, 1 HHDOEZBIET 208035 % &
B s Gaic, 1AHOREZRBIEL - bD%2E LT 5, BIEOLEMEDK
oo Baicid, 1HHE SR AROMRE L %->Th kv, 1HHDORE
E2MBHOME R T 22 LIk, HEREICOVWT, AP AT L% Google
ZAHT2IETEDLIICHD ZHETE TR0 2HAMD 2 L3 TE L L
HMEINS,

FEROFEEk L, BIffi CIARZEY | XY a v DA% ¥ v 7°F v L 728l % ik
952 LT, BIloEZIciE, Mac OSX ICEHEREH I N TV 5 <2 )L F X
T4 7Y 7 F QuickTime ZHMH T %,

k. FHEREFWGT SENIC, BSPHEEICAS 2T L & Google DIRREEE IO
WCHHTHHZIT S, . EBRoOBICIZ, 1HHE 2MHOIIC, #1059
REE Bt

6.2.2 FHEAE

4 % DG DYAECEDIRZ IC O \WT, BUT 0 2 MO 7 CaMili 2179 .
BB, LUNORHiiZ, SEEE2 RER & § 28R E 1 403 4 Z OIS ORI
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000N PoEC Evaluation (Google)

fE1

Similarly , Haghighi et al . (2008 ) induce a oneto-one translation lexicon only from non-parallel monolingual data . Also starting with a seed lexico
, they use a generative model based on canonical correlation analysis to systematically extend the lexicon using context as well as spelling features
They evaluate their method on a variety of tasks , ranging from inherently parallel data ( E UROPARL ) to unrelated corpora ( 100k sentences of the
G IGA WORD corpus ) . They report F-measure scores of the induced entries between 30 to 70 .
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