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A Study on a Style Control for Dialogue

Response Generation®

Reina Akama

Abstract

We propose a new dialogue response generation model combining sequence
to sequence and metastasis learning for controling a STYLE, which impresses a
character of a specific speaker. To generate consistent style responses, most of
priviouse works for collected text pairs by handmade rules or human annotation.
However, thier costs were too expensive to learn response generation models with
a consistent style. In our methods, after learning pre-training model with a large-
scale copora without restriction styles, we learn a response generation model with
a small-scale copora with a style restriction and the pre-training model. Com-
pared with responses between our proposed model and baseline models without
metastasis learning, our model generated consistent style and appropriate re-

sponses to input texts.

Keywords:

response generation, dialog, style control, newral network, transfer learning
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