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C .
SEHRL (%)
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T, FFN $55RJE OBC B AIE DS middle, FLEE&H50%, EF
A XD 5T0M DIETE “middle_50_570M” ¥ K 3.
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2EROFT—EH L TRWHEEZ R L.

54 &DRSZHETIHAITOBERE
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N EEoTED, EFAYA XRTWIRLTHE 1
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HERENZ LR XNz, FEN OftEZ TRk$ 3
Z 2T, FEICE®EN 2 Transformer € 7 L % i3
TE3DTHIUL, TETNMERDF 2 —=> 7Ry
Wiz i B REE AR T X 5.
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